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Abstract: Artificial Intelligence and Deep Learning approaches are promising in early diagnosis and risk assessment of 
kidney and heart malignancies through medical data analysis:
and deep learning algorithms such as CNN, artificial intelligence has the ability to 
medical images that human clinicians might miss. This study is f
techniques to assess the risk of kidney and heart cancer, as well as early diagnosis. Compared to conventional methods, 
the primary objectives were to determine the extent to which AI models enhance
specificity. Using CNNs for ECG data to diagnose heart cancer and CT and MRI scans to diagnose kidney cancer. The 
study addressed the issues of data quality, model transparency, and integration with clinical workflo
that AI and DL do bear potential for improving early cancer detection and allowing for more personalized treatment plans. 
This research opens the door to even more accurate and effective diagnostic tools in the clinical setting, rev
oncology through the power of AI.
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Development of AI and DL has fundamentally transformed the domain of
powers to identify and predict a host of medical disorders, including complex diseases like kidney and heart cancer. Early 
detection and risk assessment are critical towards better prognosis in patients with thes
increase multifold, and cost of treatment can reduce drastically if treatment is administered in time
expensive, time
reliable. Since AI and DL provide more accuracy, faster processing, and automatic analysis to help in proactive health 
strategies, their inclusion in cancer detection will help solve some of the issues with the above traditional methods.
The use of large databases, such as genetic data, clinical histories, and medical photographs, by AI and DL may hide certain 
patterns not detected by the human doctor. Advancements in AI and deep learning allow for the predictive models that 
identify high
Moreover, AI
their cancer diagnosis. Due to su
patient outcomes and utilize resources in a more effective manner.
1.1. AI and Deep Learning in Cancer Risk Assessment
AI and deep learning are applied to evaluate the risk 
analyzed to observe the correlation of parameters with the onset of cancer. Predictive analytics determine lifestyle factors,
while machine learning models examine genes for mutational change
higher accuracy in risk 
images, allowing the medical practitioner to focus on the treatment planning 
1.2. Early Prediction of Heart and Kidney Cancer Using AI
AI can detect cancer, forecast its spread, and predict metastasis. Deep learning models, like CNN, can identify 
medical imaging scenarios. AI can predict cancer development in at
Predictive analytics can estimate survival rates and treatment response based on patient characteristics. 
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Artificial Intelligence and Deep Learning approaches are promising in early diagnosis and risk assessment of 
kidney and heart malignancies through medical data analysis:
and deep learning algorithms such as CNN, artificial intelligence has the ability to 
medical images that human clinicians might miss. This study is f
techniques to assess the risk of kidney and heart cancer, as well as early diagnosis. Compared to conventional methods, 
the primary objectives were to determine the extent to which AI models enhance
specificity. Using CNNs for ECG data to diagnose heart cancer and CT and MRI scans to diagnose kidney cancer. The 
study addressed the issues of data quality, model transparency, and integration with clinical workflo
that AI and DL do bear potential for improving early cancer detection and allowing for more personalized treatment plans. 
This research opens the door to even more accurate and effective diagnostic tools in the clinical setting, rev
oncology through the power of AI.
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Development of AI and DL has fundamentally transformed the domain of
powers to identify and predict a host of medical disorders, including complex diseases like kidney and heart cancer. Early 
detection and risk assessment are critical towards better prognosis in patients with thes
increase multifold, and cost of treatment can reduce drastically if treatment is administered in time
expensive, time-consuming, and highly dependent on the skill of an individual; besides, the results mig
reliable. Since AI and DL provide more accuracy, faster processing, and automatic analysis to help in proactive health 
strategies, their inclusion in cancer detection will help solve some of the issues with the above traditional methods.

he use of large databases, such as genetic data, clinical histories, and medical photographs, by AI and DL may hide certain 
patterns not detected by the human doctor. Advancements in AI and deep learning allow for the predictive models that 
identify high-risk patients with kidney and heart cancer, providing an auspicious chance for early intervention
Moreover, AI-based systems are capable of learning over time and, therefore, can 
their cancer diagnosis. Due to su
patient outcomes and utilize resources in a more effective manner.

AI and Deep Learning in Cancer Risk Assessment
AI and deep learning are applied to evaluate the risk 
analyzed to observe the correlation of parameters with the onset of cancer. Predictive analytics determine lifestyle factors,
while machine learning models examine genes for mutational change
higher accuracy in risk modelling
images, allowing the medical practitioner to focus on the treatment planning 

Early Prediction of Heart and Kidney Cancer Using AI
AI can detect cancer, forecast its spread, and predict metastasis. Deep learning models, like CNN, can identify 
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Artificial Intelligence and Deep Learning approaches are promising in early diagnosis and risk assessment of 
kidney and heart malignancies through medical data analysis:
and deep learning algorithms such as CNN, artificial intelligence has the ability to 
medical images that human clinicians might miss. This study is f
techniques to assess the risk of kidney and heart cancer, as well as early diagnosis. Compared to conventional methods, 
the primary objectives were to determine the extent to which AI models enhance
specificity. Using CNNs for ECG data to diagnose heart cancer and CT and MRI scans to diagnose kidney cancer. The 
study addressed the issues of data quality, model transparency, and integration with clinical workflo
that AI and DL do bear potential for improving early cancer detection and allowing for more personalized treatment plans. 
This research opens the door to even more accurate and effective diagnostic tools in the clinical setting, rev
oncology through the power of AI. 
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Development of AI and DL has fundamentally transformed the domain of
powers to identify and predict a host of medical disorders, including complex diseases like kidney and heart cancer. Early 
detection and risk assessment are critical towards better prognosis in patients with thes
increase multifold, and cost of treatment can reduce drastically if treatment is administered in time

consuming, and highly dependent on the skill of an individual; besides, the results mig
reliable. Since AI and DL provide more accuracy, faster processing, and automatic analysis to help in proactive health 
strategies, their inclusion in cancer detection will help solve some of the issues with the above traditional methods.

he use of large databases, such as genetic data, clinical histories, and medical photographs, by AI and DL may hide certain 
patterns not detected by the human doctor. Advancements in AI and deep learning allow for the predictive models that 

isk patients with kidney and heart cancer, providing an auspicious chance for early intervention
based systems are capable of learning over time and, therefore, can 

their cancer diagnosis. Due to such early prediction, medical professionals can design treatment regimens that enhance 
patient outcomes and utilize resources in a more effective manner.

AI and Deep Learning in Cancer Risk Assessment
AI and deep learning are applied to evaluate the risk 
analyzed to observe the correlation of parameters with the onset of cancer. Predictive analytics determine lifestyle factors,
while machine learning models examine genes for mutational change

modelling and early detection of cancer. Deep learning algorithms can detect anomalies in medical 
images, allowing the medical practitioner to focus on the treatment planning 
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medical imaging scenarios. AI can predict cancer development in at
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Artificial Intelligence and Deep Learning approaches are promising in early diagnosis and risk assessment of 
kidney and heart malignancies through medical data analysis:
and deep learning algorithms such as CNN, artificial intelligence has the ability to 
medical images that human clinicians might miss. This study is f
techniques to assess the risk of kidney and heart cancer, as well as early diagnosis. Compared to conventional methods, 
the primary objectives were to determine the extent to which AI models enhance
specificity. Using CNNs for ECG data to diagnose heart cancer and CT and MRI scans to diagnose kidney cancer. The 
study addressed the issues of data quality, model transparency, and integration with clinical workflo
that AI and DL do bear potential for improving early cancer detection and allowing for more personalized treatment plans. 
This research opens the door to even more accurate and effective diagnostic tools in the clinical setting, rev
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1. 
Development of AI and DL has fundamentally transformed the domain of
powers to identify and predict a host of medical disorders, including complex diseases like kidney and heart cancer. Early 
detection and risk assessment are critical towards better prognosis in patients with thes
increase multifold, and cost of treatment can reduce drastically if treatment is administered in time

consuming, and highly dependent on the skill of an individual; besides, the results mig
reliable. Since AI and DL provide more accuracy, faster processing, and automatic analysis to help in proactive health 
strategies, their inclusion in cancer detection will help solve some of the issues with the above traditional methods.

he use of large databases, such as genetic data, clinical histories, and medical photographs, by AI and DL may hide certain 
patterns not detected by the human doctor. Advancements in AI and deep learning allow for the predictive models that 

isk patients with kidney and heart cancer, providing an auspicious chance for early intervention
based systems are capable of learning over time and, therefore, can 

ch early prediction, medical professionals can design treatment regimens that enhance 
patient outcomes and utilize resources in a more effective manner.

AI and Deep Learning in Cancer Risk Assessment
AI and deep learning are applied to evaluate the risk 
analyzed to observe the correlation of parameters with the onset of cancer. Predictive analytics determine lifestyle factors,
while machine learning models examine genes for mutational change

and early detection of cancer. Deep learning algorithms can detect anomalies in medical 
images, allowing the medical practitioner to focus on the treatment planning 

Early Prediction of Heart and Kidney Cancer Using AI
AI can detect cancer, forecast its spread, and predict metastasis. Deep learning models, like CNN, can identify 
medical imaging scenarios. AI can predict cancer development in at
Predictive analytics can estimate survival rates and treatment response based on patient characteristics. 
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Artificial Intelligence and Deep Learning approaches are promising in early diagnosis and risk assessment of 

kidney and heart malignancies through medical data analysis: imaging, genetics, and clinical information. Through AI models 
and deep learning algorithms such as CNN, artificial intelligence has the ability to 
medical images that human clinicians might miss. This study is focused on using deep learning and artificial intelligence 
techniques to assess the risk of kidney and heart cancer, as well as early diagnosis. Compared to conventional methods, 
the primary objectives were to determine the extent to which AI models enhance
specificity. Using CNNs for ECG data to diagnose heart cancer and CT and MRI scans to diagnose kidney cancer. The 
study addressed the issues of data quality, model transparency, and integration with clinical workflo
that AI and DL do bear potential for improving early cancer detection and allowing for more personalized treatment plans. 
This research opens the door to even more accurate and effective diagnostic tools in the clinical setting, rev
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 INTRODUCTION
Development of AI and DL has fundamentally transformed the domain of
powers to identify and predict a host of medical disorders, including complex diseases like kidney and heart cancer. Early 
detection and risk assessment are critical towards better prognosis in patients with thes
increase multifold, and cost of treatment can reduce drastically if treatment is administered in time

consuming, and highly dependent on the skill of an individual; besides, the results mig
reliable. Since AI and DL provide more accuracy, faster processing, and automatic analysis to help in proactive health 
strategies, their inclusion in cancer detection will help solve some of the issues with the above traditional methods.

he use of large databases, such as genetic data, clinical histories, and medical photographs, by AI and DL may hide certain 
patterns not detected by the human doctor. Advancements in AI and deep learning allow for the predictive models that 

isk patients with kidney and heart cancer, providing an auspicious chance for early intervention
based systems are capable of learning over time and, therefore, can 

ch early prediction, medical professionals can design treatment regimens that enhance 
patient outcomes and utilize resources in a more effective manner.

AI and Deep Learning in Cancer Risk Assessment 
AI and deep learning are applied to evaluate the risk variables of kidney and heart cancer, wherein large datasets are 
analyzed to observe the correlation of parameters with the onset of cancer. Predictive analytics determine lifestyle factors,
while machine learning models examine genes for mutational change

and early detection of cancer. Deep learning algorithms can detect anomalies in medical 
images, allowing the medical practitioner to focus on the treatment planning 

Early Prediction of Heart and Kidney Cancer Using AI
AI can detect cancer, forecast its spread, and predict metastasis. Deep learning models, like CNN, can identify 
medical imaging scenarios. AI can predict cancer development in at
Predictive analytics can estimate survival rates and treatment response based on patient characteristics. 
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imaging, genetics, and clinical information. Through AI models 
and deep learning algorithms such as CNN, artificial intelligence has the ability to 

ocused on using deep learning and artificial intelligence 
techniques to assess the risk of kidney and heart cancer, as well as early diagnosis. Compared to conventional methods, 
the primary objectives were to determine the extent to which AI models enhance
specificity. Using CNNs for ECG data to diagnose heart cancer and CT and MRI scans to diagnose kidney cancer. The 
study addressed the issues of data quality, model transparency, and integration with clinical workflo
that AI and DL do bear potential for improving early cancer detection and allowing for more personalized treatment plans. 
This research opens the door to even more accurate and effective diagnostic tools in the clinical setting, rev
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INTRODUCTION 
Development of AI and DL has fundamentally transformed the domain of medical diagnostics with previously unseen 
powers to identify and predict a host of medical disorders, including complex diseases like kidney and heart cancer. Early 
detection and risk assessment are critical towards better prognosis in patients with thes
increase multifold, and cost of treatment can reduce drastically if treatment is administered in time

consuming, and highly dependent on the skill of an individual; besides, the results mig
reliable. Since AI and DL provide more accuracy, faster processing, and automatic analysis to help in proactive health 
strategies, their inclusion in cancer detection will help solve some of the issues with the above traditional methods.

he use of large databases, such as genetic data, clinical histories, and medical photographs, by AI and DL may hide certain 
patterns not detected by the human doctor. Advancements in AI and deep learning allow for the predictive models that 

isk patients with kidney and heart cancer, providing an auspicious chance for early intervention
based systems are capable of learning over time and, therefore, can 

ch early prediction, medical professionals can design treatment regimens that enhance 
patient outcomes and utilize resources in a more effective manner. 

variables of kidney and heart cancer, wherein large datasets are 
analyzed to observe the correlation of parameters with the onset of cancer. Predictive analytics determine lifestyle factors,
while machine learning models examine genes for mutational changes [3]. AI manages complex data in a way that ensures 

and early detection of cancer. Deep learning algorithms can detect anomalies in medical 
images, allowing the medical practitioner to focus on the treatment planning process.

Early Prediction of Heart and Kidney Cancer Using AI 
AI can detect cancer, forecast its spread, and predict metastasis. Deep learning models, like CNN, can identify 
medical imaging scenarios. AI can predict cancer development in at-risk individuals by analyzing historical data
Predictive analytics can estimate survival rates and treatment response based on patient characteristics. 
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Artificial Intelligence and Deep Learning approaches are promising in early diagnosis and risk assessment of 
imaging, genetics, and clinical information. Through AI models 

and deep learning algorithms such as CNN, artificial intelligence has the ability to find minute patterns and irregularities in 
ocused on using deep learning and artificial intelligence 

techniques to assess the risk of kidney and heart cancer, as well as early diagnosis. Compared to conventional methods, 
the primary objectives were to determine the extent to which AI models enhanced diagnostic precision, sensitivity, and 
specificity. Using CNNs for ECG data to diagnose heart cancer and CT and MRI scans to diagnose kidney cancer. The 
study addressed the issues of data quality, model transparency, and integration with clinical workflo
that AI and DL do bear potential for improving early cancer detection and allowing for more personalized treatment plans. 
This research opens the door to even more accurate and effective diagnostic tools in the clinical setting, rev
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medical diagnostics with previously unseen 
powers to identify and predict a host of medical disorders, including complex diseases like kidney and heart cancer. Early 
detection and risk assessment are critical towards better prognosis in patients with thes
increase multifold, and cost of treatment can reduce drastically if treatment is administered in time

consuming, and highly dependent on the skill of an individual; besides, the results mig
reliable. Since AI and DL provide more accuracy, faster processing, and automatic analysis to help in proactive health 
strategies, their inclusion in cancer detection will help solve some of the issues with the above traditional methods.

he use of large databases, such as genetic data, clinical histories, and medical photographs, by AI and DL may hide certain 
patterns not detected by the human doctor. Advancements in AI and deep learning allow for the predictive models that 

isk patients with kidney and heart cancer, providing an auspicious chance for early intervention
based systems are capable of learning over time and, therefore, can grow the precision and dependability of 

ch early prediction, medical professionals can design treatment regimens that enhance 

variables of kidney and heart cancer, wherein large datasets are 
analyzed to observe the correlation of parameters with the onset of cancer. Predictive analytics determine lifestyle factors,

. AI manages complex data in a way that ensures 
and early detection of cancer. Deep learning algorithms can detect anomalies in medical 

process. 

AI can detect cancer, forecast its spread, and predict metastasis. Deep learning models, like CNN, can identify 
individuals by analyzing historical data

Predictive analytics can estimate survival rates and treatment response based on patient characteristics. 
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Artificial Intelligence and Deep Learning approaches are promising in early diagnosis and risk assessment of 
imaging, genetics, and clinical information. Through AI models 

minute patterns and irregularities in 
ocused on using deep learning and artificial intelligence 

techniques to assess the risk of kidney and heart cancer, as well as early diagnosis. Compared to conventional methods, 
d diagnostic precision, sensitivity, and 

specificity. Using CNNs for ECG data to diagnose heart cancer and CT and MRI scans to diagnose kidney cancer. The 
study addressed the issues of data quality, model transparency, and integration with clinical workflows, while demonstrating 
that AI and DL do bear potential for improving early cancer detection and allowing for more personalized treatment plans. 
This research opens the door to even more accurate and effective diagnostic tools in the clinical setting, rev
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medical diagnostics with previously unseen 
powers to identify and predict a host of medical disorders, including complex diseases like kidney and heart cancer. Early 
detection and risk assessment are critical towards better prognosis in patients with these cancers. Survival rates can 
increase multifold, and cost of treatment can reduce drastically if treatment is administered in time [1]. These are often 

consuming, and highly dependent on the skill of an individual; besides, the results might not always be 
reliable. Since AI and DL provide more accuracy, faster processing, and automatic analysis to help in proactive health 
strategies, their inclusion in cancer detection will help solve some of the issues with the above traditional methods.

he use of large databases, such as genetic data, clinical histories, and medical photographs, by AI and DL may hide certain 
patterns not detected by the human doctor. Advancements in AI and deep learning allow for the predictive models that 

isk patients with kidney and heart cancer, providing an auspicious chance for early intervention
the precision and dependability of 

ch early prediction, medical professionals can design treatment regimens that enhance 

variables of kidney and heart cancer, wherein large datasets are 
analyzed to observe the correlation of parameters with the onset of cancer. Predictive analytics determine lifestyle factors,

. AI manages complex data in a way that ensures 
and early detection of cancer. Deep learning algorithms can detect anomalies in medical 

AI can detect cancer, forecast its spread, and predict metastasis. Deep learning models, like CNN, can identify 
individuals by analyzing historical data

Predictive analytics can estimate survival rates and treatment response based on patient characteristics.  
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the precision and dependability of 
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variables of kidney and heart cancer, wherein large datasets are 
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This dynamic model can enhance disease management and reduce healthcare system strain
cancer diagnosis and prediction a routine part of personalized treatment.
 

 To explore the role of AI and DL techniques in the early prediction and detection of heart and kidney cancers.
 To review the various machine learnin

assessment.
 To analyze the effectiveness and limitations of AI
 To provide insights into the challenges and ethical concerns surrounding the use of A
 To propose future directions for enhancing the precision and applicability of AI models in cancer detection.
 

 

In this research work, they
underutilization of monitoring based on guidelines to forecast it. 
algorithms can increase the accuracy of CKD diagnosis predictions
LSTM, GRU, Bidirectional LSTM, Bidirectional GRU, MLP, and Simple RNN
features. Accuracy was 99% for the ANN model, 96% for the Simple RNN model, and 97% for the MLP model.
improve CKD prediction, it also recommended incorporating the top
evaluating deep learning for CKD categorization and prediction was this study project.
based AtheroEd
early. The available techniques, such as CCVRC and certain ML models, were fairly unreliable and semi
from 500 patients with carotid 
AE. 
 

Ganeeb and Patel (2024)
risk from clinical data. 
Neighbors, Logistic Regression, and Random Forest.
the most appropriate model for predicting heart disease
techniques, particularly SVM, might enhance cardiovascular risk management and develop customized therapy.
research work,
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and potentially useful to nephrologists as an initial diagnostic tool for CKD early identification.
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spontaneous coronary artery dissection. According to their research, these high
prediction and identification of the risk population to enable the doctors to treat them as an individual and intervene in a 
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learning can be applied to predict the risk of cardiovascular diseases. Therefore, it was established that 
deep learning could extract useful cardiovascular data from CT scans, which are commonly used to screen for lung cancer

the risk of cardiovascular disease in those who are being routinely screened for cancer, DL's 
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ultrasound and coronary angiography scores involving 39 variables were extracted using 
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and potentially useful to nephrologists as an initial diagnostic tool for CKD early identification.
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prospect of mortality or admission outcomes, thereby portraying it as being of tremendous utility for cardiovascular risk 
. This also revealed how AI systems can be utilized to 

ho underwent 
end tools may be applied for outcome 

prediction and identification of the risk population to enable the doctors to treat them as an individual and intervene in a 
. The article drew attention to the use of AI in complicated cardiovascular diseases like SCAD, which 

dose computed tomography 
learning can be applied to predict the risk of cardiovascular diseases. Therefore, it was established that 

deep learning could extract useful cardiovascular data from CT scans, which are commonly used to screen for lung cancer 
the risk of cardiovascular disease in those who are being routinely screened for cancer, DL's 

researchers 
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In particular, it revealed that with just cine images 
normally characterizes common imaging studies
[16]. This technology simplifies and reduces the cost of chronic cardiac problems evaluation, making diagnosis even more 
accurate. It helps when contrast chemicals are not available, like it is in clinica
 

 

AI and DL techniques in cancer detection rely heavily on complex algorithms that can learn patterns from vast datasets
[17]. The following methodologies are commonly used:
 

 Convolution
CNNs are d
identification of cancer based on medical images, for instance, CT scans, MRI, or X
automatically without manual feature extra
which detect edges, textures, and shapes; they are vital aspects in discriminating between cancerous and noncancerous 
tissues. During the training of the system, weights and bi
that the model reduces the error margin in the given predictions. CNNs have been very successful in applications such as 
the detection of kidney and heart cancers from medical images, where
visible to the human eye.
The layers that make up their structure are capable of automatically extracting 
scans [19]. CNN's general form can be characterized as follows:

Where Wi is the weight, x
 

 Support Vector Machines (SVM)
SVM is a popular algorithm in supervised learning, which classifies data through the identification of a 
separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 
closest data points o
high-dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 
small. When SVM is appl
non-cancerous categories

Subject to yi(w
 

 Random Forests (RF)
Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
random subset of the data, and then it makes the final classification based on the majority vote 
extremely effective way of reducing over
such as patient histories and medical images. Random Forests are useful in detecting patterns that may be
simpler algorithms to capture.
prediction accuracy
forecast [22]
 

 Recurrent Neural Networks (RNNs)
Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 
Unlike other feed
time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
concept that is key to accurately determining conditions such as heart cancer by analyzing trends on E
state of an RNN is then updated at each time step by considering the current input and the preceding state, thereby 
capturing complex temporal dependencies that the network can learn.
RNNs are used for 

Where ht  is the hidden state, x
 

 Artificial Neural Networks (ANNs)
ANNs are a basic technique in deep learning, comprising several 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 
diagnosis is in both classification and regression tasks. ANNs can learn complex
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 
flexible and adaptable to a vast array of medical applications, such as determining the risk or prob
kidney cancer and analyzing complex patterns of genetics.
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In particular, it revealed that with just cine images 
normally characterizes common imaging studies

. This technology simplifies and reduces the cost of chronic cardiac problems evaluation, making diagnosis even more 
accurate. It helps when contrast chemicals are not available, like it is in clinica

AI and DL techniques in cancer detection rely heavily on complex algorithms that can learn patterns from vast datasets
. The following methodologies are commonly used:

Convolution Neural Networks (CNNs)
CNNs are deep learning architectures with great power on image recognition and classification tasks such as the 
identification of cancer based on medical images, for instance, CT scans, MRI, or X
automatically without manual feature extra
which detect edges, textures, and shapes; they are vital aspects in discriminating between cancerous and noncancerous 
tissues. During the training of the system, weights and bi
that the model reduces the error margin in the given predictions. CNNs have been very successful in applications such as 
the detection of kidney and heart cancers from medical images, where
visible to the human eye. 
The layers that make up their structure are capable of automatically extracting 

. CNN's general form can be characterized as follows:

is the weight, x

Support Vector Machines (SVM)
popular algorithm in supervised learning, which classifies data through the identification of a 

separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 
closest data points of each class with its closed classifiers for generalisability. SVMs are particularly helpful in dealing with 

dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 
When SVM is applied to 

cancerous categories 

(w⋅xi+b)≥1, where w is the weight vector and x

Random Forests (RF)
Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
random subset of the data, and then it makes the final classification based on the majority vote 
extremely effective way of reducing over
such as patient histories and medical images. Random Forests are useful in detecting patterns that may be
simpler algorithms to capture.
prediction accuracy [21]. A random selection of 

[22]. 

Recurrent Neural Networks (RNNs)
Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 
Unlike other feed-forward networks, RNNs have recurrent links that create self
time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
concept that is key to accurately determining conditions such as heart cancer by analyzing trends on E
state of an RNN is then updated at each time step by considering the current input and the preceding state, thereby 
capturing complex temporal dependencies that the network can learn.
RNNs are used for ordered

is the hidden state, x

Artificial Neural Networks (ANNs)
ANNs are a basic technique in deep learning, comprising several 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 
diagnosis is in both classification and regression tasks. ANNs can learn complex
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 
flexible and adaptable to a vast array of medical applications, such as determining the risk or prob
kidney cancer and analyzing complex patterns of genetics.
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In particular, it revealed that with just cine images 
normally characterizes common imaging studies

. This technology simplifies and reduces the cost of chronic cardiac problems evaluation, making diagnosis even more 
accurate. It helps when contrast chemicals are not available, like it is in clinica

AI and DL techniques in cancer detection rely heavily on complex algorithms that can learn patterns from vast datasets
. The following methodologies are commonly used:

Neural Networks (CNNs)
eep learning architectures with great power on image recognition and classification tasks such as the 

identification of cancer based on medical images, for instance, CT scans, MRI, or X
automatically without manual feature extra
which detect edges, textures, and shapes; they are vital aspects in discriminating between cancerous and noncancerous 
tissues. During the training of the system, weights and bi
that the model reduces the error margin in the given predictions. CNNs have been very successful in applications such as 
the detection of kidney and heart cancers from medical images, where

CNNs have shown
The layers that make up their structure are capable of automatically extracting 

. CNN's general form can be characterized as follows:

is the weight, xi is the input image patch, and b

Support Vector Machines (SVM)
popular algorithm in supervised learning, which classifies data through the identification of a 

separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 
f each class with its closed classifiers for generalisability. SVMs are particularly helpful in dealing with 

dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 
ied to categorization
 [20]. The definition of the SVM optimization function is:

≥1, where w is the weight vector and x

Random Forests (RF) 
Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
random subset of the data, and then it makes the final classification based on the majority vote 
extremely effective way of reducing over
such as patient histories and medical images. Random Forests are useful in detecting patterns that may be
simpler algorithms to capture. Various

. A random selection of 

Recurrent Neural Networks (RNNs)
Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 

forward networks, RNNs have recurrent links that create self
time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
concept that is key to accurately determining conditions such as heart cancer by analyzing trends on E
state of an RNN is then updated at each time step by considering the current input and the preceding state, thereby 
capturing complex temporal dependencies that the network can learn.

ordered data, such as ECG signals

is the hidden state, xt  is the input at time step t, and 

Artificial Neural Networks (ANNs)
ANNs are a basic technique in deep learning, comprising several 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 
diagnosis is in both classification and regression tasks. ANNs can learn complex
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 
flexible and adaptable to a vast array of medical applications, such as determining the risk or prob
kidney cancer and analyzing complex patterns of genetics.
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normally characterizes common imaging studies-it was enough that the

. This technology simplifies and reduces the cost of chronic cardiac problems evaluation, making diagnosis even more 
accurate. It helps when contrast chemicals are not available, like it is in clinica

4. TYPES OF 

AI and DL techniques in cancer detection rely heavily on complex algorithms that can learn patterns from vast datasets
. The following methodologies are commonly used:

Neural Networks (CNNs) 
eep learning architectures with great power on image recognition and classification tasks such as the 

identification of cancer based on medical images, for instance, CT scans, MRI, or X
automatically without manual feature extraction from input images. This is realized through several layers of convolution 
which detect edges, textures, and shapes; they are vital aspects in discriminating between cancerous and noncancerous 
tissues. During the training of the system, weights and bi
that the model reduces the error margin in the given predictions. CNNs have been very successful in applications such as 
the detection of kidney and heart cancers from medical images, where

shown amazing
The layers that make up their structure are capable of automatically extracting 

. CNN's general form can be characterized as follows:

f(x

is the input image patch, and b

Support Vector Machines (SVM) 
popular algorithm in supervised learning, which classifies data through the identification of a 

separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 
f each class with its closed classifiers for generalisability. SVMs are particularly helpful in dealing with 

dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 
categorization tasks, it 

. The definition of the SVM optimization function is:

≥1, where w is the weight vector and x

Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
random subset of the data, and then it makes the final classification based on the majority vote 
extremely effective way of reducing over fitting and improving predictive performance in complex, heterogeneous datasets 
such as patient histories and medical images. Random Forests are useful in detecting patterns that may be

Various decision trees are 
. A random selection of elements

Recurrent Neural Networks (RNNs) 
Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 

forward networks, RNNs have recurrent links that create self
time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
concept that is key to accurately determining conditions such as heart cancer by analyzing trends on E
state of an RNN is then updated at each time step by considering the current input and the preceding state, thereby 
capturing complex temporal dependencies that the network can learn.

data, such as ECG signals
h୲ =

is the input at time step t, and 

Artificial Neural Networks (ANNs) 
ANNs are a basic technique in deep learning, comprising several 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 
diagnosis is in both classification and regression tasks. ANNs can learn complex
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 
flexible and adaptable to a vast array of medical applications, such as determining the risk or prob
kidney cancer and analyzing complex patterns of genetics.
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In particular, it revealed that with just cine images - and hence the absence of use of chemical
it was enough that the

. This technology simplifies and reduces the cost of chronic cardiac problems evaluation, making diagnosis even more 
accurate. It helps when contrast chemicals are not available, like it is in clinica

TYPES OF METHODOLOGIES

AI and DL techniques in cancer detection rely heavily on complex algorithms that can learn patterns from vast datasets
. The following methodologies are commonly used: 

eep learning architectures with great power on image recognition and classification tasks such as the 
identification of cancer based on medical images, for instance, CT scans, MRI, or X

ction from input images. This is realized through several layers of convolution 
which detect edges, textures, and shapes; they are vital aspects in discriminating between cancerous and noncancerous 
tissues. During the training of the system, weights and bias terms associated with the 
that the model reduces the error margin in the given predictions. CNNs have been very successful in applications such as 
the detection of kidney and heart cancers from medical images, where

amazing efficiency in the identification of cancer through image analysis
The layers that make up their structure are capable of automatically extracting 

. CNN's general form can be characterized as follows: 

(x) =  ෍W୧ ∗
୒

୧ୀଵ
is the input image patch, and bi is the bias term.

popular algorithm in supervised learning, which classifies data through the identification of a 
separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 

f each class with its closed classifiers for generalisability. SVMs are particularly helpful in dealing with 
dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 

tasks, it calculates 
. The definition of the SVM optimization function is:

min
1
2

||w||
≥1, where w is the weight vector and xi is the data point.

Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
random subset of the data, and then it makes the final classification based on the majority vote 

fitting and improving predictive performance in complex, heterogeneous datasets 
such as patient histories and medical images. Random Forests are useful in detecting patterns that may be

decision trees are utilized 
elements is used to train each tree, and majority vote determines the final 

Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 
forward networks, RNNs have recurrent links that create self

time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
concept that is key to accurately determining conditions such as heart cancer by analyzing trends on E
state of an RNN is then updated at each time step by considering the current input and the preceding state, thereby 
capturing complex temporal dependencies that the network can learn.

data, such as ECG signals [23]. The general form of RNN is:
=  σ(W୦h୲ିଵ

is the input at time step t, and σ 

ANNs are a basic technique in deep learning, comprising several layers of neurons wired with weighed edges. Each neuron 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 
diagnosis is in both classification and regression tasks. ANNs can learn complex
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 
flexible and adaptable to a vast array of medical applications, such as determining the risk or prob
kidney cancer and analyzing complex patterns of genetics. 
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and hence the absence of use of chemical
it was enough that the models, DL for myocardial infarction be detectable

. This technology simplifies and reduces the cost of chronic cardiac problems evaluation, making diagnosis even more 
accurate. It helps when contrast chemicals are not available, like it is in clinical settings.

METHODOLOGIES

AI and DL techniques in cancer detection rely heavily on complex algorithms that can learn patterns from vast datasets

eep learning architectures with great power on image recognition and classification tasks such as the 
identification of cancer based on medical images, for instance, CT scans, MRI, or X

ction from input images. This is realized through several layers of convolution 
which detect edges, textures, and shapes; they are vital aspects in discriminating between cancerous and noncancerous 

as terms associated with the 
that the model reduces the error margin in the given predictions. CNNs have been very successful in applications such as 
the detection of kidney and heart cancers from medical images, where the subtle patterns or irregularities may not be 

in the identification of cancer through image analysis
The layers that make up their structure are capable of automatically extracting 

x୧ + b୧ 

is the bias term. 

popular algorithm in supervised learning, which classifies data through the identification of a 
separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 

f each class with its closed classifiers for generalisability. SVMs are particularly helpful in dealing with 
dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 

 the best hyper plane
. The definition of the SVM optimization function is:

||ଶ 
is the data point. 

Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
random subset of the data, and then it makes the final classification based on the majority vote 

fitting and improving predictive performance in complex, heterogeneous datasets 
such as patient histories and medical images. Random Forests are useful in detecting patterns that may be

utilized in the Random Forest ensemble approach to 
is used to train each tree, and majority vote determines the final 

Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 
forward networks, RNNs have recurrent links that create self

time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
concept that is key to accurately determining conditions such as heart cancer by analyzing trends on E
state of an RNN is then updated at each time step by considering the current input and the preceding state, thereby 
capturing complex temporal dependencies that the network can learn. 

. The general form of RNN is:
+ W୶x୲ 
 is the activation function.

layers of neurons wired with weighed edges. Each neuron 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 
diagnosis is in both classification and regression tasks. ANNs can learn complex
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 
flexible and adaptable to a vast array of medical applications, such as determining the risk or prob
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and hence the absence of use of chemical
models, DL for myocardial infarction be detectable

. This technology simplifies and reduces the cost of chronic cardiac problems evaluation, making diagnosis even more 
l settings. 

METHODOLOGIES 

AI and DL techniques in cancer detection rely heavily on complex algorithms that can learn patterns from vast datasets

eep learning architectures with great power on image recognition and classification tasks such as the 
identification of cancer based on medical images, for instance, CT scans, MRI, or X-

ction from input images. This is realized through several layers of convolution 
which detect edges, textures, and shapes; they are vital aspects in discriminating between cancerous and noncancerous 

as terms associated with the convolution
that the model reduces the error margin in the given predictions. CNNs have been very successful in applications such as 

the subtle patterns or irregularities may not be 
in the identification of cancer through image analysis

The layers that make up their structure are capable of automatically extracting features from input photos, such as medical 

popular algorithm in supervised learning, which classifies data through the identification of a 
separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 

f each class with its closed classifiers for generalisability. SVMs are particularly helpful in dealing with 
dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 

hyper plane to divide data into cancerous and 
. The definition of the SVM optimization function is: 

Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
random subset of the data, and then it makes the final classification based on the majority vote 

fitting and improving predictive performance in complex, heterogeneous datasets 
such as patient histories and medical images. Random Forests are useful in detecting patterns that may be

in the Random Forest ensemble approach to 
is used to train each tree, and majority vote determines the final 

Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 
forward networks, RNNs have recurrent links that create self-loops whe

time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
concept that is key to accurately determining conditions such as heart cancer by analyzing trends on E
state of an RNN is then updated at each time step by considering the current input and the preceding state, thereby 

. The general form of RNN is: 

is the activation function. 

layers of neurons wired with weighed edges. Each neuron 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 
diagnosis is in both classification and regression tasks. ANNs can learn complex mappings between the inputs, such as 
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 
flexible and adaptable to a vast array of medical applications, such as determining the risk or prob
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separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 

f each class with its closed classifiers for generalisability. SVMs are particularly helpful in dealing with 
dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 

to divide data into cancerous and 

Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
random subset of the data, and then it makes the final classification based on the majority vote across all the trees. It is an 

fitting and improving predictive performance in complex, heterogeneous datasets 
such as patient histories and medical images. Random Forests are useful in detecting patterns that may be 
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is used to train each tree, and majority vote determines the final 

Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 
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time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
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layers of neurons wired with weighed edges. Each neuron 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 

mappings between the inputs, such as 
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 
flexible and adaptable to a vast array of medical applications, such as determining the risk or probability of heart and 

ISSN: 2349-7017
ISSN: 2349-7009

https://www.ijiris.com/archives

_________________
                      Page -54 

based contrast which 
models, DL for myocardial infarction be detectable

. This technology simplifies and reduces the cost of chronic cardiac problems evaluation, making diagnosis even more 

AI and DL techniques in cancer detection rely heavily on complex algorithms that can learn patterns from vast datasets

eep learning architectures with great power on image recognition and classification tasks such as the 
rays. CNNs extract features 

ction from input images. This is realized through several layers of convolution 
which detect edges, textures, and shapes; they are vital aspects in discriminating between cancerous and noncancerous 

layers were adjusted so 
that the model reduces the error margin in the given predictions. CNNs have been very successful in applications such as 

the subtle patterns or irregularities may not be 
in the identification of cancer through image analysis [18]

features from input photos, such as medical 

popular algorithm in supervised learning, which classifies data through the identification of a hyper plane that 
separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 

f each class with its closed classifiers for generalisability. SVMs are particularly helpful in dealing with 
dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 

to divide data into cancerous and 

Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
across all the trees. It is an 

fitting and improving predictive performance in complex, heterogeneous datasets 
 too complex for 

in the Random Forest ensemble approach to grow 
is used to train each tree, and majority vote determines the final 

Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 
re information persists across 

time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
concept that is key to accurately determining conditions such as heart cancer by analyzing trends on ECGs. The hidden 
state of an RNN is then updated at each time step by considering the current input and the preceding state, thereby 

layers of neurons wired with weighed edges. Each neuron 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 

mappings between the inputs, such as 
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 

ability of heart and 

7017 
7009 

https://www.ijiris.com/archives 

_________________ 
 

based contrast which 
models, DL for myocardial infarction be detectable 

. This technology simplifies and reduces the cost of chronic cardiac problems evaluation, making diagnosis even more 

AI and DL techniques in cancer detection rely heavily on complex algorithms that can learn patterns from vast datasets 

eep learning architectures with great power on image recognition and classification tasks such as the 
rays. CNNs extract features 

ction from input images. This is realized through several layers of convolution 
which detect edges, textures, and shapes; they are vital aspects in discriminating between cancerous and noncancerous 

layers were adjusted so 
that the model reduces the error margin in the given predictions. CNNs have been very successful in applications such as 

the subtle patterns or irregularities may not be 
[18]. 

features from input photos, such as medical 

that 
separates the features effectively into different classes. The actual goal of an SVM is to maximise the margin between the 

f each class with its closed classifiers for generalisability. SVMs are particularly helpful in dealing with 
dimensional data, such as genetic and clinical data in cancer risk prediction, and can work even when sample sizes are 

to divide data into cancerous and 

Random Forests is an ensemble learning technique using multiple decision trees to classify. Each tree is trained on a 
across all the trees. It is an 

fitting and improving predictive performance in complex, heterogeneous datasets 
too complex for 

grow 
is used to train each tree, and majority vote determines the final 

Since RNNs are inherently designed to work with sequential data, they best fit the kind of processing ECG signals demand. 
re information persists across 

time. These temporal memories facilitate the capture of data patterns in which past inputs may influence future outputs, a 
CGs. The hidden 

state of an RNN is then updated at each time step by considering the current input and the preceding state, thereby 

layers of neurons wired with weighed edges. Each neuron 
applies a weighed sum of input followed by an activation function to produce the output. Another use of ANNs in medical 

mappings between the inputs, such as 
clinical data and genetic information, and the outputs, such as the presence or absence of cancer. ANNs are also very 

ability of heart and 



                  IJIRIS:  International Journal of Innovative Research in Information Security                        E
                   

________________________________________________________________________
IJIRIS © 2014

 

ANNs use layers of neurons to map inputs to outputs for predictive analysis
equation is: 

Where W is the weight matrix, 
 

The early diagnosis and risk assessment of kidney and heart 
approaches. Indeed, CNNs used in medical imaging, such as CT and MRI
kidney cancer detection of above 90%. The successful prediction of cancer recurrence has also been achieved by the 
application of machine learning models based on clinical data, including genetic and demogra
produced good predictive performance.
outperformed conventional diagnosis techniques in the context of heart cancer by demonstrating higher sensitivity and 
specificity. For example, compared to conventional clinical evaluations, deep learning algorithms had significantly lower 
error rates for diagnosing early

CNN

 

Table 1 makes it clear that CNN
a sensitivity of 91.5% 
negatives, with a
specificity, and 82.3% sensitivity. It makes it quite evident that AI can also be better in this diagnostic situation.

Traditional ECG Analysis
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ANNs use layers of neurons to map inputs to outputs for predictive analysis
 

W is the weight matrix, 

The early diagnosis and risk assessment of kidney and heart 
approaches. Indeed, CNNs used in medical imaging, such as CT and MRI
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As indicated in Table 2, the CNN
traditionally used with ECG data. The model resulted in 92.4% sensitivity and specificity at 93.1%, which translates into a 
total accuracy of 92.7%, more significant than traditionally applied ECG analysis, showing sensitivity at 75.6%, specificity at 
78.3%, and a total accuracy at 77%. These results indicate the AI model is 
thus providing
 

5.1. DISCUSSION 
The outcomes derived from implementing AI and DL methods for heart and kidney cancer risk detection and assessment, 
the potential being there to transform early diagnosis in a 
accuracy greater than 90% for kidney cancer detection based on models using CNNs from CT and MRI scans. 
performance outshines what is offered by a traditional diagnostic process, 
associated with variability within imaging data. CNNs identify subtle patterns from imaging that most human observers 
could not notice, leading to earlier, 
limitations and challenges persist in the broader 
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This research study could help diagnose and analyze kidney and heart cancer early using AI and DL. The AI
models have 
ECG, and echocardiography data. Findings showed that AI enhances diagnostic outcomes in early
and prognosis of recurrence.
transparency, and clinical procedure interaction need to be addressed. These advances indicate how AI can better kidney 
and heart cancer treatment through fast treatme
 

The future of work will be in larger, more diverse datasets and increased transparency in AI models to further enhance 
clinical trust and understanding. Integration of AI into clinical workflows and hybrid models c
imaging data may further improve prediction accuracy and personalize treatment, thereby leading to increased use in 
oncology. 
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As indicated in Table 2, the CNN
traditionally used with ECG data. The model resulted in 92.4% sensitivity and specificity at 93.1%, which translates into a 

racy of 92.7%, more significant than traditionally applied ECG analysis, showing sensitivity at 75.6%, specificity at 
78.3%, and a total accuracy at 77%. These results indicate the AI model is 
thus providing a more reliable diagnostic tool for early heart cancer detection.
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As indicated in Table 2, the CNN-based AI models detect heart cancer significantly better from ECG data than methods 
traditionally used with ECG data. The model resulted in 92.4% sensitivity and specificity at 93.1%, which translates into a 

racy of 92.7%, more significant than traditionally applied ECG analysis, showing sensitivity at 75.6%, specificity at 
78.3%, and a total accuracy at 77%. These results indicate the AI model is 

a more reliable diagnostic tool for early heart cancer detection.
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ECG, and echocardiography data. Findings showed that AI enhances diagnostic outcomes in early
and prognosis of recurrence. Before AI and DL can be applied as oncology treatments, issues with data quality, model 
transparency, and clinical procedure interaction need to be addressed. These advances indicate how AI can better kidney 
and heart cancer treatment through fast treatme
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based AI models detect heart cancer significantly better from ECG data than methods 
traditionally used with ECG data. The model resulted in 92.4% sensitivity and specificity at 93.1%, which translates into a 

racy of 92.7%, more significant than traditionally applied ECG analysis, showing sensitivity at 75.6%, specificity at 
78.3%, and a total accuracy at 77%. These results indicate the AI model is 

a more reliable diagnostic tool for early heart cancer detection.

The outcomes derived from implementing AI and DL methods for heart and kidney cancer risk detection and assessment, 
the potential being there to transform early diagnosis in a 
accuracy greater than 90% for kidney cancer detection based on models using CNNs from CT and MRI scans. 
performance outshines what is offered by a traditional diagnostic process, 
associated with variability within imaging data. CNNs identify subtle patterns from imaging that most human observers 
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which makes it difficult to understand the decision
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ECG, and echocardiography data. Findings showed that AI enhances diagnostic outcomes in early

Before AI and DL can be applied as oncology treatments, issues with data quality, model 
transparency, and clinical procedure interaction need to be addressed. These advances indicate how AI can better kidney 
and heart cancer treatment through fast treatments for the best outcome.
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based AI models detect heart cancer significantly better from ECG data than methods 
traditionally used with ECG data. The model resulted in 92.4% sensitivity and specificity at 93.1%, which translates into a 

racy of 92.7%, more significant than traditionally applied ECG analysis, showing sensitivity at 75.6%, specificity at 
78.3%, and a total accuracy at 77%. These results indicate the AI model is 

a more reliable diagnostic tool for early heart cancer detection.

The outcomes derived from implementing AI and DL methods for heart and kidney cancer risk detection and assessment, 
the potential being there to transform early diagnosis in a clinical setting. Of all, this is particularly impressive: a diagnostic 
accuracy greater than 90% for kidney cancer detection based on models using CNNs from CT and MRI scans. 
performance outshines what is offered by a traditional diagnostic process, 
associated with variability within imaging data. CNNs identify subtle patterns from imaging that most human observers 

accurate diagnosis.
uses of artificial intelligence

The primary drawback is the reliance on large, well

Deep learning models are often criticized for their lack of transparency, 
which makes it difficult to understand the decision-making process.

over fitting is another pro
sparse or corrupted dataset, although they can prove to be remarkably accurate on the training data set, they often fail 

Integration into the work streams of the clinical community:
healthcare operational stream still remains an issue. 

6. CONCLUSION
This research study could help diagnose and analyze kidney and heart cancer early using AI and DL. The AI

showed enhanced sensitivity, specificity, and accuracy as compared to traditional diagnosis means for CT, MRI, 
ECG, and echocardiography data. Findings showed that AI enhances diagnostic outcomes in early

Before AI and DL can be applied as oncology treatments, issues with data quality, model 
transparency, and clinical procedure interaction need to be addressed. These advances indicate how AI can better kidney 

nts for the best outcome.

 FUTURE WORK
The future of work will be in larger, more diverse datasets and increased transparency in AI models to further enhance 
clinical trust and understanding. Integration of AI into clinical workflows and hybrid models c
imaging data may further improve prediction accuracy and personalize treatment, thereby leading to increased use in 
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based AI models detect heart cancer significantly better from ECG data than methods 
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