% VIRIS: International Journal of Innovative Research in Information Security E-ISSN: 2349-7017
Volume 12, Issue 03, March 2026 P-ISSN: 2349-7009
IJIRIS https://www.ijiris.com/archives
https://doi.org/10.26562/ijiris.2025.v1203.07

Emotion Detection and Response System Usmg
Machine Learning and NLP

Lakshan.S,Sriram.M,Uthayaraj.R,Vijay.S

Check for

Department of Information Technology, | updates
Sengunthar Engineering College (Autonomous), Tiruchengode, India. S
manikandanc.it21@scew.org , sriram130205@gmail.com , uthayarajrllsas@gmail.com [=] [=]
vijaysrinivasan1178@gmail.com
Ashish.G ah
Assistant Professor, Department of Information Technology =]

Sengunthar Engineering College (Autonomous), Tiruchengode, India.
gashish.it@scteng.co.in
https://orcid.org/0009-0008-1007-5010

Publication History

Manuscript Reference No: NIRIS/RS/Vol.12/Issue03/ISMR26.MRIS10086

Research Article Open Access| Double-Blind Peer-Reviewed| Article ID: NIRIS/RS/Vol.12/Issue03/ISMR26.MRIS10086
Received: 31, January 2026, Revised: 14, February 2026, Accepted: 17, March 2026, Published Online: 25,March 2026.
https.//www.ijiris.com/volumes/Vol12/iss-03/07.1ISMR26.MRIS10086.pdf

Article Citation: Lakshan,Sriram,Uthayaraj,Vijay,Ashish(2026),Emotion Detection and Response System Using
Machine Learning and NLP,lIRIS: International Journal of Innovative Research in Information Security, Volume 12, Issue 03
of 2026 pages 114-120 Doi:> https://doi.org/10.26562/ijiris.2026.v1203.07

BibTeX Key: Lakshan@2026Emotion

HIRIS papers should be cited as WIRIS (International Journal of Innovative Research in Information Security, AM
Publications, India 2026, ISSN 2349-7017, https://doi.org/10.26562/ijiris.2026.v1203.07 The journal’s official abbreviation is
NIRIS. Orcid: https://orcid.org/0009-0004-9398-7488

Copyright®2026 copyright by the authors. This article is an open access article distributed under the terms and conditions
of the Creative Commons Attribution (CC BY) license (https://creativecommons.org/licenses/by/4.0/).

Abstract: Emotion detection has become an important research area in artificial intelligence because it enables computer
systems to understand human emotions and respond intelligently. The Emotion Detection and Response System using
Machine Learning and Natural Language Processing (NLP) is designed to identify emotional states from textual
communication and generate meaningful responses. The system processes user input using NLP techniques such as
tokenization, stop-word removal, and lemmatization to clean and structure the textual data. After preprocessing, feature
extraction is performed using TF-IDF vectorization, which converts text into numerical representations suitable for
machine learning algorithms. A supervised machine learning model is then used to classify emotions such as happiness,
sadness, anger, fear, and neutrality. Once the emotion is identified, the system generates an appropriate response that
provides emotional support or encouragement to the user. The system is implemented using Python, with the Kivy
framework used for developing the graphical user interface and an SQL database used for secure user authentication and
message storage. The proposed system aims to improve human—computer interaction by allowing machines to interpret
emotional context during conversations. This approach can be useful in applications such as mental health support
systems, intelligent chatbots, and virtual assistants that provide emotional guidance. By combining machine learning and
NLP techniques, the system helps create an interactive environment where users can express emotions and receive
supportive feedback in real time.

Keywords: Emotion Detection, Machine Learning, Natural Language Processing, Sentiment Analysis, Text Classification,
Chatbot, Mental Health Support, Human—Computer Interaction.

1. INTRODUCTION

Efficient In the modern digital era, communication between humans and computers has significantly improved with the
advancement of Artificial Intelligence (Al). One of the major objectives of Al research is to develop systems that can
understand human emotions and respond appropriately. Human emotions play a vital role in communication, decision-
making, and psychological well-being. However, traditional computer systems lack the ability to interpret emotional cues,
which limits their effectiveness in human—computer interaction. With increasing stress, academic pressure, and lifestyle
changes, many individuals experience emotional challenges such as anxiety, sadness, and frustration. Unfortunately, many
people hesitate to seek professional psychological support due to social stigma, lack of awareness, or limited access to
mental health professionals. As a result, early detection of emotional distress becomes difficult, which may lead to more
serious mental health issues over time. Advances in Machine Learning (ML) and Natural Language Processing (NLP) have
opened new opportunities for developing intelligent systems that can analyze and understand human emotions through
textual communication. NLP allows computers to process and interpret human language, while machine learning
algorithms can learn patterns from large datasets and classify emotions based on linguistic features. The proposed
Emotion Detection and Response System aims to identify emotional states such as happiness, sadness, anger, fear, and
neutrality from user text input and generate appropriate responses.
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The system performs text preprocessing using techniques such as tokenization, stop-word removal, and lemmatization to
improve data quality before applying machine learning classification. Once the emotion is detected, the system generates
supportive responses to provide emotional guidance and improve user interaction. The system is implemented using
Python with the Kivy framework for graphical user interface development, while an SQL database is used for secure user
authentication and data storage. The integration of machine learning and NLP enables the system to analyze user messages
in real time and provide meaningful responses that simulate empathetic communication. By combining emotional analysis
with intelligent response generation, the proposed system aims to enhance human-computer interaction and promote
emotional awareness through technology.
1.1 Emotion Detection
Emotion detection refers to the process of identifying human emotional states from various forms of data such as text,
speech, facial expressions, or behavioral patterns. In text-based systems, emotion detection is performed by analyzing
linguistic features including word choice, sentence structure, and emotional vocabulary. Machine learning models are
trained using labeled datasets where text samples are associated with specific emotional categories. These models learn
patterns from the training data and use them to classify emotions in new user inputs. Emotion detection systems are
widely used in applications such as sentiment analysis, social media monitoring, customer feedback analysis, and mental
health support systems. By detecting emotional expressions from text messages, computers can better understand user
intentions and respond accordingly.
1.2 Natural Language Processing
Natural Language Processing (NLP) is a field of artificial intelligence that focuses on enabling computers to understand and
process human language. NLP techniques allow machines to analyze textual information and extract meaningful insights
from written communication. In emotion detection systems, NLP plays a crucial role in preparing text data for analysis.
Preprocessing techniques such as tokenization, stop-word removal, and lemmatization help clean and normalize the text,
making it easier for machine learning algorithms to identify patterns. By converting unstructured textual data into
structured numerical representations, NLP enables machine learning models to perform emotion classification more
effectively.
1.3 Machine Learning in Emotion Analysis
Machine learning is a subset of artificial intelligence that enables systems to learn patterns from data and make predictions
without explicit programming. In emotion detection systems, machine learning models are trained using datasets that
contain text samples labeled with emotional categories. These algorithms analyze relationships between words and
emotions to classify user messages accurately. Common algorithms used for emotion classification include Logistic
Regression, Naive Bayes, Support Vector Machines, and Random Forest. Once trained, these models can analyze new text
inputs and predict the emotional state expressed by the user. Machine learning techniques significantly improve the
accuracy and efficiency of emotion detection systems.
1.4 Sentiment Analysis
Sentiment analysis is a technique used to determine the emotional tone or attitude expressed in a piece of text. It is
widely used in analyzing opinions, reviews, and social media posts. Traditional sentiment analysis classifies text into
positive, negative, or neutral categories. However, emotion detection systems extend sentiment analysis by identifying
more detailed emotional states such as happiness, sadness, anger, and fear. By analyzing emotional expressions in textual
communication, sentiment analysis techniques help systems understand user feelings and improve interaction quality.
1.5 Text Preprocessing Techniques
Text preprocessing is an important step in natural language processing that prepares raw textual data for machine learning
analysis. Raw text often contains irrelevant words, punctuation, and formatting that may reduce the accuracy of
classification models. Preprocessing techniques such as tokenization break sentences into individual words, while stop-
word removal eliminates common words that do not contribute significant meaning. Lemmatization converts words into
their base forms to ensure consistency in data representation. These preprocessing steps help improve the performance
of machine learning algorithms by ensuring that the input data is clean and structured.
1.6 Applications of Emotion Detection
Emotion detection technology has numerous applications in modern digital systems. One of the most significant
applications is in mental health support systems, where emotion detection can help identify early signs of emotional
distress. Intelligent chatbots can use emotion detection to provide personalized responses and emotional guidance to
users. Other applications include customer service platforms that analyze customer feedback, social media monitoring
systems that track public sentiment, and educational platforms that analyze student engagement and emotional responses.
By integrating emotion detection into digital systems, organizations can improve user experience and communication
effectiveness.
1.7 Objectives of the Proposed System
The main objective of the proposed system is to develop an intelligent platform capable of detecting human emotions
from textual communication and providing appropriate responses. The system aims to improve human—-computer
interaction by enabling machines to interpret emotional expressions in user messages. Another objective is to apply
natural language processing techniques to analyze textual input and extract meaningful features for machine learning
classification.

NIRIS© 2014-26, AM Publications - All Rights Reserved https://doi.org/10.26562/ijiris Page -115




% VIRIS: International Journal of Innovative Research in Information Security E-ISSN: 2349-7017
Volume 12, Issue 03, March 2026 P-ISSN: 2349-7009
IJIRIS https://www.ijiris.com/archives
https://doi.org/10.26562/ijiris.2025.v1203.07
The system also aims to generate supportive responses based on detected emotional states, creating an interactive
environment where users can express their feelings and receive feedback. Additionally, the system focuses on maintaining
data security and ensuring secure user authentication. By achieving these objectives, the proposed system aims to
promote emotional awareness and provide a supportive digital environment for users.
2. LITERATURE REVIEW

2.1 Al in Emotion Detection Systems

Emotion detection has gained significant attention in the field of artificial intelligence and human-computer interaction.
Researchers have explored different techniques to enable machines to recognize human emotions from textual, visual, and
audio data. Artificial Intelligence plays a crucial role in developing intelligent systems that can interpret emotional
expressions and provide appropriate responses. Early research mainly focused on sentiment analysis, where text data was
categorized into positive, negative, or neutral sentiments. However, modern emotion detection systems aim to identify
more complex emotional states such as happiness, sadness, anger, fear, and surprise. Al models trained with large datasets
are capable of identifying patterns in emotional expressions and classifying emotions accurately. These systems are widely
used in applications such as social media analysis, mental health monitoring, and intelligent conversational agents.

2.2 Machine Learning Approaches Emotion Classification

Machine learning techniques have become widely used for emotion detection due to their ability to analyze large amounts
of textual data and identify patterns associated with emotional expressions. Several algorithms such as Logistic Regression,
Naive Bayes, Support Vector Machines, and Random Forest have been used for emotion classification tasks. These
algorithms are trained using datasets that contain labeled emotional text samples. During the training process, the
algorithms learn relationships between textual features and emotional categories. Once the model is trained, it can classify
emotions from new user inputs with high accuracy. Machine learning models have been successfully applied in applications
such as social media sentiment analysis, customer feedback evaluation, and automated emotional support systems.

2.3 Natural Language Processing in Emotion Analysis

Natural Language Processing plays an essential role in emotion detection systems because it enables computers to
understand and process human language. NLP techniques allow machines to analyze textual data and extract meaningful
features that help identify emotional expressions. Common NLP preprocessing techniques include tokenization, stop-
word removal, stemming, and lemmatization. These techniques help remove irrelevant information from text data and
improve the quality of input used by machine learning algorithms. Feature extraction techniques such as TF-IDF and
Word2Vec convert textual information into numerical representations that machine learning models can analyze. NLP
techniques significantly improve the performance of emotion classification systems by enabling machines to interpret
linguistic patterns more accurately.

2.4 Chatbots and Emotional Response Systems

Chatbots have become an important application of artificial intelligence in recent years. Traditional chatbots operate using
rule-based systems where predefined responses are triggered based on user input. However, these systems lack the ability
to understand emotional context. Modern Al-based chatbots integrate machine learning and NLP techniques to detect
user emotions and generate appropriate responses. Emotion-aware chatbots are capable of providing empathetic
communication, making them useful in applications such as mental health support systems, virtual assistants, and customer
service platforms. By understanding the emotional state of users, chatbots can provide personalized responses that
improve user experience and engagement.

2.5. Research Gap and Motivation for the Proposed System

Although significant progress has been made in emotion detection technologies, many existing systems still have
limitations. Some systems focus only on sentiment classification and do not provide detailed emotional analysis. Others
rely on static questionnaires or predefined responses, which reduces their ability to interact dynamically with users.
Additionally, many systems lack real-time emotion detection capabilities and fail to provide supportive responses that
address user emotional needs. These limitations highlight the need for intelligent systems that can detect emotions from
natural language input and respond in a meaningful way. The proposed Emotion Detection and Response System aims to
address these challenges by integrating machine learning and natural language processing techniques to create an
interactive platform capable of detecting emotions and generating supportive responses for users.

3. EXISTING SYSTEM

3.1 Traditional Emotion Detection Methods

Existing emotion detection systems mainly rely on basic sentiment analysis techniques that classify text into positive,
negative, or neutral categories. These systems use simple rule-based approaches or keyword matching methods to
determine emotional polarity in textual data. Although these techniques can identify general sentiment, they fail to capture
complex emotional expressions such as anger, fear, sadness, or happiness. Many traditional chatbot systems are also built
using predefined rules where responses are generated based on specific keywords. These rule-based systems cannot fully
understand the emotional context of a conversation and therefore provide generic responses that may not match the
user's emotional state. Additionally, many existing emotional analysis tools rely on static questionnaires or survey forms
where users must answer multiple questions to determine their emotional condition. These methods are time-consuming
and may not provide real-time emotional feedback.
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3.2 Sentiment Analysis Based Systems
Despite the development of various emotion analysis tools, several limitations still exist in current systems. One major
limitation is the lack of real-time emotion detection, as many systems depend on manual data collection methods rather
than continuous interaction with users. Another limitation is that traditional sentiment analysis models only classify
emotions as positive or negative, which does not provide detailed emotional understanding. Many rule-based chatbot
systems are also unable to adapt to new user inputs because their responses are predefined and limited. Furthermore,
existing systems often lack advanced machine learning models that can learn from large datasets and improve prediction
accuracy. Another important issue is the absence of personalized emotional responses, which reduces the effectiveness of
emotional support systems. These limitations highlight the need for intelligent emotion detection systems that can analyze
natural language input dynamically and generate meaningful responses.
3.3 Rule-Based Chatbot Systems
Another widely used approach in emotion detection systems is rule-based chatbot technology. Rule-based chatbots
operate using predefined rules and scripted responses. When a user enters a message, the system searches for specific
keywords and triggers a predefined response associated with those keywords. Although these chatbots can simulate basic
conversations, they lack the ability to understand emotional context. They cannot learn from user interactions or adapt
their responses dynamically. As a result, conversations with rule-based chatbots often appear repetitive and lack
emotional intelligence.
3.4 Limitations of Existing Systems
Despite advancements in sentiment analysis and chatbot technologies, many existing emotion detection systems still have
several limitations. One major limitation is the inability to detect multiple emotional categories accurately. Many systems
can only identify positive or negative sentiments rather than detailed emotional states. Another limitation is the lack of
real-time emotion detection capabilities. Traditional systems often rely on static questionnaires or offline analysis rather
than continuous interaction with users. Additionally, rule-based chatbots lack learning capabilities and cannot adapt to new
user inputs. These limitations reduce the effectiveness of existing systems in providing meaningful emotional support.
3.5 Need for an Intelligent Emotion Detection System
Due to the limitations of traditional emotion detection systems, there is a growing need for intelligent systems that can
analyze emotions dynamically and respond appropriately. Modern emotion detection systems should be capable of
understanding natural language input and identifying detailed emotional states. By integrating machine learning algorithms
with natural language processing techniques, it is possible to develop systems that learn from large datasets and improve
their prediction accuracy over time. Such systems can provide real-time emotional feedback and generate supportive
responses, making them useful in applications such as mental health monitoring, intelligent chatbots, and digital emotional
support platforms.

4. PROPOSED SYSTEM
4.1 OVERVIEW OF THE PROPOSED SYSTEM
The proposed Emotion Detection and Response System is designed to identify human emotions from textual
communication and generate appropriate responses using machine learning and natural language processing techniques.
The system allows users to interact with a chatbot interface where they can express their thoughts and emotions through
text messages. The system processes user input using NLP preprocessing techniques such as tokenization, stop-word
removal, and lemmatization to clean and structure the textual data. After preprocessing, feature extraction is performed
using TF-IDF vectorization to convert the text into numerical vectors suitable for machine learning classification. A
supervised machine learning model is then used to classify emotions such as happiness, sadness, anger, fear, and neutrality.
Once the emotion is detected, the system generates a supportive response that encourages positive communication and
emotional understanding.
4.2 SYSTEM ARCHITECTURE
The architecture of the proposed system consists of several interconnected modules that work together to detect
emotions and generate responses. The first module is the user interface module, which allows users to interact with the
chatbot through text-based communication. The second module is the preprocessing module, where textual data is
cleaned and prepared for analysis using natural language processing techniques. The third module is the feature extraction
module, where the processed text is converted into numerical representations using TF—IDF vectorization. The fourth
module is the emotion classification module, where a machine learning algorithm analyzes the extracted features and
predicts the emotional category of the input text. Finally, the response generation module generates appropriate
responses based on the detected emotional state and displays them to the user through the chat interface. The fourth
module is the emotion classification module, where a machine learning algorithm analyzes the extracted features and
predicts the emotional category of the input text. Finally, the response generation module generates appropriate
responses based on the detected emotional state and displays them to the user through the chat interface.
4.3 ADVANTAGES OF THE PROPOSED SYSTEM
The proposed system offers several advantages compared to traditional emotion detection systems. One of the major
advantages is its ability to detect multiple emotional categories rather than simply identifying positive or negative
sentiment. The integration of machine learning algorithms allows the system to improve its prediction accuracy by learning
from large datasets.
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The system also provides real-time emotional feedback, enabling users to understand their emotional state instantly.
Another advantage is the use of natural language processing techniques that allow the system to analyze unstructured
textual data effectively. The chatbot interface provides an interactive environment where users can express their
emotions freely while receiving supportive responses. Additionally, the system ensures data security by storing user
information and chat history in a secure database environment.
5. SYSTEM IMPLEMENTATION

5.1 User Interface Module

The User Interface Module is responsible for enabling interaction between the user and the emotion detection system. In
the proposed system, a chat-based interface is developed using the Kivy framework, which supports cross-platform
graphical user interface development. Users can enter text messages through the chat interface, which are then processed
by the system. The interface is designed to be simple, responsive, and user-friendly so that users can easily communicate
with the chatbot. This module ensures smooth interaction and allows users to express their thoughts and emotions
through textual communication.

5.2 Text Preprocessing Module

The Text Preprocessing Module is responsible for preparing raw text data for machine learning analysis. User input text
often contains unnecessary words, punctuation marks, and formatting that may affect the performance of classification
algorithms. To improve the quality of the input data, several natural language processing techniques are applied. These
techniques include tokenization, stop-word removal, and lemmatization. Tokenization breaks sentences into individual
words, stop-word removal eliminates commonly used words that do not contribute meaningful information, and
lemmatization converts words into their base forms. These preprocessing steps hensure that the text data is clean and
structured before it is analyzed by the machine learning model. commonly used words that do not contribute meaningful
information, and lemmatization converts words into their base forms. These preprocessing steps help ensure that the text
data is clean and structured before it is analyzed by the machine learning model.minimizes regulatory violations and
improves governance. Operational Efficiency: A centralized system streamlines workflows, reduces paperwork, and
enhances resource utilization. Scalability and Customization: The platform can be tailored and expanded to incorporate
additional functionalities as required.
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5.3 Feature Extraction Module
The Feature Extraction Module converts the processed text into numerical representations that can be used by machine
learning algorithms. In the proposed system, TF-IDF (Term Frequency-Inverse Document Frequency) vectorization is
used for feature extraction. TF-IDF measures the importance of words within a text document relative to a dataset.
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This technique assigns higher weights to words that appear frequently in a particular document but rarely across other
documents. By transforming textual data into numerical vectors, the feature extraction module allows machine learning
algorithms to analyze patterns in the text and classify emotions accurately.
5.4 Emotion Classification Module
The Emotion Classification Module is responsible for predicting the emotional state expressed in user messages. A
supervised machine learning algorithm is trained using labeled text data that contains different emotional categories such
as happiness, sadness, anger, fear, and neutrality. The classification model analyzes the numerical feature vectors generated
during the feature extraction stage and predicts the emotion associated with the input text. In the proposed system,
Logistic Regression is used as the primary classification algorithm because it performs efficiently in text classification tasks
and provides reliable prediction accuracy.
5.5 Response Generation Module
The Response Generation Module generates appropriate responses based on the detected emotional state of the user.
Once the emotion classification module identifies the emotional category, the system selects a predefined response that
corresponds todetected emotion. For example, if the system detects sadness, it may generate supportive and encouraging
messages to comfort the user. If happiness is detected, the system responds positively to maintain the user's emotional
state. This module ensures that the system interacts with users in an empathetic manner and creates a conversational
environment that encourages emotional expression.
5.6 System Workflow
The workflow of the proposed Emotion Detection and Response System describes the sequence of steps involved in
analyzing user input and generating appropriate responses. The process begins when the user enters a text message
through the chatbot interface. This message is first received by the preprocessing module where natural language
processing techniques such as tokenization, stop-word removal, and lemmatization are applied. These preprocessing steps
help clean the text by removing unnecessary words and converting the text into a standardized format suitable for
analysis. After preprocessing, the cleaned text is passed to the feature extraction module where TF-IDF vectorization is
applied. This technique converts textual information into numerical feature vectors that represent the importance of each
word in the text dataset. These vectors are then given as input to the machine learning classification model. The trained
machine learning algorithm analyzes the feature vectors and predicts the emotional category associated with the user
message. Once the emotion is detected, the response generation module selects an appropriate response from the
response database. The generated response is then displayed to the user through the chatbot interface. This entire
process occurs within a few seconds, allowing the system to provide real-time emotional feedback. The workflow ensures
that user messages are processed efficiently while maintaining accuracy in emotion detection and response generation.
5.7 System Performance and Evaluation
The performance of the Emotion Detection and Response System is evaluated based on its ability to accurately classify
emotions and generate relevant responses. The machine learning model used in the system is trained using labeled textual
datasets containing different emotional expressions. During testing, the model analyzes user input messages and predicts
the corresponding emotional category. The accuracy of the system depends on the quality of the training dataset and the
effectiveness of the feature extraction method used. TF-IDF vectorization improves classification performance by
highlighting important words in the text dataset. The Logistic Regression classifier used in the system provides reliable
performance in text classification tasks and demonstrates good accuracy in emotion prediction. The response generation
module is evaluated based on its ability to provide supportive and contextually appropriate responses for different
emotional categories. Experimental testing shows that the system can successfully detect emotional patterns in user
messages and generate meaningful responses in real time. The overall performance of the system demonstrates the
effectiveness of combining machine learning and natural language processing techniques for emotion detection
applications. System to generate appropriate responses that simulate empathetic communication. This approach improves
human—computer interaction by enabling machines to interpret emotional context and respond meaningfully. The
proposed system also highlights the potential of Al-based emotional analysis in applications such as mental health
monitoring, customer service systems, and intelligent conversational agents. Overall, the system provides a practical
example of how technology can be used to promote emotional awareness and support users through interactive digital
platforms.

6. CONCLUSION

The Emotion Detection and Response System using Machine Learning and Natural Language Processing demonstrates
how artificial intelligence can be used to understand human emotions through textual communication. By applying NLP
preprocessing techniques and machine learning classification algorithms, the system is capable of identifying emotional
states such as happiness, sadness, anger, fear, and neutrality from user messages. The integration of emotion detection
with a chatbot interface allows the system to generate appropriate responses that simulate empathetic communication.
This approach improves human—computer interaction by enabling machines to interpret emotional context and respond
meaningfully. The proposed system also highlights the potential of Al-based emotional analysis in applications such as
mental health monitoring, customer service systems, and intelligent conversational agents. Overall, the system provides a
practical example of how technology can be used to promote emotional awareness and support users through interactive
digital platforms.
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7. FUTURE WORK

Although the proposed system provides an effective approach for emotion detection and response generation, several
improvements can be implemented in future versions. One potential enhancement is the integration of deep learning
algorithms such as Convolutional Neural Networks (CNN) and Recurrent Neural Networks (RNN) to improve emotion
classification accuracy. Another possible improvement is the incorporation of multimodal emotion detection techniques
that analyze facial expressions and voice tone in addition to textual communication. This would allow the system to detect
emotions more accurately by combining multiple data sources. Future development may also include the creation of a
mobile application version of the system so that users can access emotional support services anytime and anywhere.
Additionally, integrating real-time emotion tracking and personalized mental health recommendations could further
enhance the usefulness of the system. These improvements will help expand the capabilities of the system and make it
more effective for real-world emotional support applications.
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